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ABSTRACT

Title of the Thesis:

Traditional and Challenger banksin UK: Comparson in terms of customer value
Author: SaraMaria SusteloSantos

Keywords:FinTech, Banks,CustomerValue,CustomerExperience

Banking is about delivering value to the customer. There are taia type of banks:
Traditional bankswith centuries of history, a large customer base, a trusted, familiar and
recognized brandyhich have ken challenged by newcomérshe Challengeibaniks as they
started to rethinkcustomer journey withirbanking business modelThe purpose of this
research is to conclude on which type of bank provides more value to their customers, which
factors contribute for that and study the effect of those resuit®nsumer behavior outcomes,

in UK. The hypotheseare formulated after an extensive reviewathacademic literature and

white papers about FinTech, banking industry and customer value measurement methods.
Using primary datamethodsobtainedwith 201 valid respondents from UK, contactedline,
performingscale developmentFA and SEM resulted in the development of a customer value
measurement method with -#éms and eight factordn general, e resultsshowed that
Challengerbanks provide highecustomer valughan Traditional banks, presenting higher
average scores in seven factor whiladitional banksstandout in one factar Moreover,
customer value and its factors predict consumer behavior outc@oesof-mouth and
Loyalty, being thefactorsPrice offer fairnessndOutcome focubighly relevant because of its
close link to the outcomegheresearch contributes &xistentacademic literaturen FinTech,
banking industrywith a validateccustomer value measuremanéthod,having alsgoractical
implications for managers of financial institutions, giving them a useful tool for the
development of specific strategies of marketing.



ABSTRACT (Portuguese version)

Titulo:

Traditional and Challenger banksin UK: Comparson in terms of customer value
Autor: SaraMariaSusteloSantos

Palavraschave FinTech, Bancos Valor para o clienté/alor

O setor bard@rio esé relacionado com a entrega de valor ao cliente. Existem dois tipos
principais de bancoss Tradicionais, comhistoria, elevado amero de clientegnarca de

confianga, familiar e reconhecida, que tém sido desafios pelos baonbscidos @
fiChallenges uerepensaamaexpeli nci a do cl| i ent dosetorbandaripu si n e
O objetivo desta pesquisa € concluir que tipdbanco fornece mais valor eente quais os

fatores que contribuem para tal e estudar o efeitedes comportamento do cliente, no Reino

Unido. As hipotese sdo formuladas ap0s uma extensa revisdo da literaturanaicad

relatorios sobréFinTeclo, o setobana@rioe medidas dealor. Dados primdps foramobtidos

por contacto onliealcancand@01 irdividuos, cdlentes de bancos do Reino Unido. Utilizando

CFA e SEM, esultou nummétodo final com 34 itens oito fatores que walor. No geral, os

resul tados de mo n €hallerzged fompecem nmis valoraadiante do quie os
Tradicionais, apresentando uma pontuacdo mais elevada em sete fatores enquanto os
Tradicionais apresentam maior num fator. Para além disso, o valor para o cliente e 0s seus
fatoresexpt am os comport ame pof-nocsu tdhod ceb i fiebsoeyead Gt \Wa U @
fatores fOffer fairness e MOutcome focud sé@o relevantes pelo seu poder explicativo dos
comportamentoasA pesqui sa contri bui para | iteratur a
bancéario, com um método valido para medir vatemdoimplicacdes praticas para gestside

instituicdes financeiragomuma ferramenta Gtil para delinear estratégias de marketing.
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1. INTRODUCTION

FinTech or Financial Technology is one of the most promising industries in 2016 (Chishti and
Barberis, 2016).The financial imlustry has been going throughlot of change, FinTech
Starups are entering thenarket offering not new, but revolutionizeservices that are
traditionally offered by established financial institutions, such lanks and risurance
companies (Dapp, 2014)lowever, this industry is one of the last large industries that has not
been completely disrupted by the digital revolution. Most banks ifirthecial sector hava
conservative attitude towards soluticarsd think that the heavy regulation will protéaém

and limit the enter and growth of FinTeSkartupsnot understanding that tech companies are
agile enough to make use of the existing regulation (Gelis, 2Bitd)ech Stadps try to solve

gaps in the customer journey. Successfully, many of thieeadyreached a critical mass of
users proving the vidliiy of their business models. Revolut, a digital banking alternative, broke
even in Decemlyeof 2017 for the first time and claims to haeache® million user{CNBC,

June 2018yvith its $1.7billion postmoney valuation in Series D fundinggchCrunchApril
2018).FinTech $artupsusuallyfocus on a very specific niche segment of the industry while
banks try to compete on all levels possessing every aspect of the financial services range
(RadhelNienaber,The FinTech Book, pp. 22016. Almost every financial service that a bank
offers is also offered, or soon will be, by a FinTech comgappendix 1) In the pastpanks

were the only optiondr the costumé& f i nanci al needs and this
t hereds an al t ecesthiteiother industrieshware esg dismipted,iit took
more time for that to happen in Finance seddacording toTransferWisé Report(i Fut ur e
of F i, 2@L6)eea years the financial services sector will be transformed and the main
driver for that to happen ibehavior andexpectationsof customers. In the samepuet,
TransferWisepresents five conditions that allow tRenTech $artups to entethe sector loss

of trust in banking sector after the global financial crisis of 2008, following that the expectations
of customers are highdhe rise of millennials andf the mobile internet anfihally, changes

in regulation that focus more on the rigbfsthe custome(PSD2 GDPRY. Fasnacht (2009)
arguesthat changes in customer demographics and their requirensfgsted Financial

Services conservative industry bringing more innovation and new business opportunities.

1 UK-based money transfer service launched in January 2011.
2pPsSD2 Payment Services Directive (European Commission Press Release, OctobeGPPIR)Geneal Data
Protection Regulation



In the past, customers valuednvenience and visibility so that banks who had larger branch
networks would standout, competing on product, price and scale regarding the number of
branches they had oday,the main competitive factos customer experiencéhat combines

what is sold ad how that is deliveredbeingbothcritical conponents of the customer journey

(EY, 2017).Most of lank customershow prefer to access their financial information through
mobile banking and, as a response to that, Banks have been closing bsarustles financial

crisis of 2008For example, in UK more than 1,000 banks branches have closed between 2015
and 2016 (Dunkley, 2016fFurthermore, ecording to research from CAT tonsumer visits to

retail bank branches witlecline36% between 2017 and 2022, while mobile transactions will
rise 121% in the same periddosing branches reduces operation costbéimg the average

cost savingaround £200.000 annualiccording to Deloitte (2€1). Additionally, according to
AccenturgNorth America Consumer Digital Banking Survey, 2015), 81% of customers would
not change banks if their local branch cloded. Global Consumer Banking Survé®017)
confirms that banks are under pressure to master the customer expeuiertodwo reasa
increasing commoditization 1 . e . , cust omer s ddmditionallzaeke di f f
offering and business modelsnd new competitiorirom FinTech Statps and other new
market entrants thafive more importance to customer valkarthermore, it is estimated that

80% of sold devices by 2020 will be smartphoaes that mobile data consumption will
increase sevefold by 2021 (Cisco Mobile Visual Networking Index Forecast, 20lk6)his

new setting, banks should focus on offerimgducts that are simple, visual and usendly

having the customer relationship as a focus (Erman, 2017).

Until now there is no research that aims to astesgsustomer value th&hallengerbarks

provide and compare it witliraditionalbanks, in order to understand their main differences
when relating to customer$his researchfocuses ortwo studies. Firstthe comparison, in

terms of customer valuend its factas, betweenTraditionalbanks andChallengetbanks with

ascale developent and an assessment of customer value, to conclude about which group offer
more value to theirustomers and whictiriversare behind thafThe second studig about the

effect of customer value from both type of banks, on consumer behavior outcomes such as
Word-of-Mouth (WOM) and Behavioral Loyalty Intentions (LOY).

3 Consolidated Analysis Centers, Inc



2. LITERATURE REVIEW
2.1FinTech in Banking Industry

The inception of the credit card in th®50s andATMS in the 1970s changdble way people
accesand pay for goods.he internet revolution in the early 1990s had a profound impact in
the financal markets worldwidehaving emerged mangtfinance business models such as
online banking, online nokerage services, mobile banking and paymente FinTech
revolutionhas been building new appearance of the financial world after toéaj financial
crisis in 2008, amording to The Economist (2015), and the most beneficiary from itgriasth
arethe consumerRometty, 2016).

FinTech is still at its beginning, however, has been gaining popularity not only in financial
markets but also in research. The few scientific researches about FinTech are about the effects
that the FinTech Startups have established players in the financial markets or about the
business areas that these types of companies develop, and how they interact with each other
(Stuckenborg et al., 2017).

There is a broad agreement between scientific and practical experts thath-is a
combination of the wor dliscanfbé sinmply described fheumsen d fit e
of technology to deliver financial solutiangArner et al., 2015, p.3For the research purpose

of this dissertation, it will be considered the definition given by Sia et al. (2016, p. 105) who
describes FinTech asia new generation of financial technology Startups that are
revolutionizing the financial industoy In total, i t dissnguishedtwelve different areas of

FinTech activities, presented iAppendix 2, with its area of activity, description and an

example of a FinTech Startup.or every financi al service vir
(Chen, 2016).In this regarch the FinTech Startupsconsideredinclude Neobanks and

Challengetanks excluding all the other typsf FinTech activities

According to BBVA, there are two main groupsFahTech banksNeobanks an@€hallenger
banks.Neobanks aran internet/mobilebank that offer more customized services focus on a

niche of the market, having as main value proposition the user interface/experience, however,

it needs to have a partner bank, ile.ety rely on a r eal bankés inf
as an inteface Challengembanksoffer very similar services asTaaditionalbank with lower

costs since they build their ownfrastructure from scratch, i.e., they do not rely on another

bank, having themselves a banking license or are in the process ofgettieg and, t hey



have legacy costs so that is easier to get market share. This type of banks aim to banome all
banks, but without branebased distribution channels being mobile ba(&BVA, 2016).
Challenges banksand Neobanks have as maliiferences the banking license and the full
control on the core banking systdgmvingChallengebanksmore ability to innovate according

t o cust omiecetbhse yn edeadmaplételyoneahirdyparty provideréDjelassi, 2017).

The main challenges for Neobanks are (1) the cost of customer acquisition and (2) the
dependence on a partner bank whileGbellengebanks is the first one (Trieu, 201Bnother
possible classification is GAFA banks, which are banks that would ea&iStath giant such as

Google or Facebook, created a bank (Barberis, 2016).

Neobanks andChallengerbanks can have a BusingssConsumer (B2C), a Businets
Business (B2B) type of business or both. In the B2C type of business, the bank offers its
productsand services directly to the consumers (E.g. Mondo, N26)the B2B type of
business, the bank sells its services to other business such as Small or Medium Enterprise
Business (SMESs) or sole traders (E.g. Tide, Counting @f)er digital banks such as Starling

Bank and Revoldtare focused on both type of businesses. Research by Burnmark (2016) shows
that 43% ofChallengeibanks in the world offer only basic products such as current accounts
and saving account§he other 5% offer Traditional products such as mortgages, SME

l endi ng, chil dr eno6s Ghalengerbgnks the significant sourceaoh c e .

revenue are not large organizations but individualacusts and SMEs (Lee et al., 2018

Thelast type of bank msented istheonbtat exi sts f or | assogatdr and
with thec o n c leapkd. In this dissertation, this type of bamwkll be calledTraditionalbanks.

Banks arefinstitutions whose current operations consist in granting loans aoeiviag
deposits f rFeemastrd Roclpety 1997).hceds e r e p r eore activitythat b a n k s ¢
distinguishes them from &other financial institution®oengpityaet al.(2014) classified three

banks business models through a statistical clustering algorithm using data from balance sheet:
retaitfunded wholesalefunded and trading banks. The first business mdu waslabel
commer ci-falndeaad.aiiddbdyshavind aahiglashdrecof lbams in their balance

sheet and a high reliance on stable funding sources such as dé&@assigsht (2009) classifies

4Mondo is a mobile first bankN26 ischallenger bank
> Tideis a neobank that offers a current account for SMEs. Counting up is an accounting bank.
6 Starling Bankfocuses on helping users manage their money. Revauttisrent account in a snighone.



retail bankingas a service for end users, distinct from commercial banking that is focused on

companies.

In this dissertation] raditionalbanksdefinition is in accordance witthe previousdefinitions

of Retail B a-h k n d glded thadfacfiat vélltorlyi beconsideredestablished
financial institutionswith more tharfive years of existence that have physical branches and
offer at least the following servicés their customersredit, deposit and mon@yanagement

For the purpasonly NeobanksChallengetbanks andrraditionalbanks are considere@ihe

focus of the dissertation is the comparison, in terms of customer value, bé&ivaeonal

banks ané new typef banks thapins Neobanks an@hallengebanks and will be aggregated

and calledChallengeibanks Furthermorethe focus ion consumer banking, i.eB2Ctype of
business and for that reason, banks that only do ®2Bnot be consideredMoreover
consumer banking is the most likely to be disrupted by FinTech according to 73% of the

financial sector executivdPWC, 2016.

2.2 Traditional banks versusChallengerbanks

FinTech Startups are disrupting the existing products and services, with a focus on user
experience, extracting value from data, decreasing operation costs and increasing efficiency
with their business models, thmgh advance technology (Chappuis Halder, 20¥5.
newcomers,Challengerbanks carrethink the banking business médmd the technology
behind it. However, barriers to entry remain high and it takes time to bugdognized,
familiar and trustedrand sich asTraditional banks haveDjelassi, 2017)Chuen and Teo
(2015) identified the LASIC principles that new disruptive businesses should aim to have
success, being this not sufficient, but necessary conditions: low margin, asset light, scalable,
innovative and compliance easy business modekditionalbanks ad Challengebankshave
different capabilities which lead to different strategies in the financial sector. Consequently,
understanding thegore pointof differentiation isuseful for thisresearch

Osterwalder, Pigneur et al. (201@pposefor companies tduild business models based on

the customer perspectivBeing an innovative and custorregntric company is vital for
survival and growth (Capgemi n2018\oourldd83fciodl e, 1A W
the Traditionalbankssay they areustomercentric whilefor FinTech Startupghat accounts

for 80% (PWC, 2016)FinTech Startups seem to follow this customentric approach, since

they are able to understand their customers better tharradgionalbanks and thus address

their needs in a more effective way (Mackenzie,200®B.S Bankdés Sonia Wedry



of Consumer Bank Technology Singapore, advocatesTfaditional banks to assume an
outsidein perspective, keeping the customer journey in mind in a way that the customers design
the customer experience insteadspecivelhnmastki ng a
casesChallengebanks provide a more efficient way to sell the same old products and services,
possibly because of the technologies used, but in a different and unbundled way. These
unbundled activities have limited scope. However, #higity of unbundle services has been

very disruptive fofTraditionalbanks (Walchek, 2015) and one of the major drivers of growth

in the FinTech sector (Lee et al., 201®ffering personalized niche services and providing
services that are more persopatland more segmenté¢do t he cust omemed need
of the key differentiations dfhallengebanks AlthoughTraditionalbanks are in disadvantage
regarding the unbundling of services, since they providestope comprehensive financial

services and products to customers, being their value chain based on many bundled activities,
this provides them powerful economies of scope (Navaretti et al., 2017). According to KPMG
(ABanking the Customer EXxrdtonalmaek 0 vi eleatdioo
with their customers have become standardized having a lack of emotional differentiation that
reinforces unexploited financial opportuni®e gar di ng channel s &s a di
important to comparelraditional and digital banking nodels. Consistency in customer
experience is the focus for digital banking model since channels aexistent, contrarily of

the Traditional model that has an inconsistent customer experience across channels
(Padmaavathy and Adalarasu, 20IBjaditional banks have used their branches to acquire
customersOn an average, customers go to a branch once or twice a year and with their mobile
devices they interac20 to 30 times per month, according ltovieen Sidhu, President of
BankMobile (2018).Traditional banks have been through a lot of change in the past years,
specially related with the online banking s
Before most of the transactionsquired the presence of the customer in the branch (Landers

2016) which took lots of time and effocompared with online bankin§taff levels have been

reduced, the most unprofitable branches have been closed and new branch concepts start to
being tested. PWC (ARet ai |l Babkekpacygthe@eGrénfss Ev o
to speed upFurthermore Traditionalbanksare providing better user experience, being their
services faster and more udeendly than they were some years agtthough most of the

largest banks have initiated their onliservices and closingf branchesChallengerbanks

already surpass thegilial banking model itselfChallengerbanks stanaut due to extreme
minimalism in design and functionality, simplification, easiness in use and on the eyes

reflecting core User Expence (UX) principles (Chen, 2016) which is reflected in the design



of the app fr om t hBesidesuvsrking ondrodlise apdenolslgcentexti v e .
Challengerbanks have less complex IT systems, simpler product set, more streamlined and
aubmated operating modadsd fewer legacy compliance issE®MG, fiChallengebanking

repord 2016) compared witfiraditionalbanksthat have increasing costs due to more austere
banking regulatory environmenthile Traditionalfinancial institutions are working on their
business models trying to optimize them, they are surround by immense regoilatiens
NeverthelessTraditional banks haveas advardge knowledge about existing regulation and

the ability to forecast the elution of the industry (Philippon, 2016) while moShallenger

banks do not have the expertise to understand and comply with the new regulations. However,
theyare not subject to high compliance regimes which encourages them to be more innovative
and entds lower capital requirements. Douglas (2016) wrote that the success of FinTech
Startups depends aombining their cuttinggdge technology capabilities and flexibility in

changing regulations.

Onre of the key advantages @faditionalbanks istheir hugecustomer bas@Philippon, 2016)

and the time-honored relationships built with their customewghich represents anique
opportunity to use big data tegfues to provide a personalizédtersonalization is needed to

drive growth and shareholder value autounts for 23% of the overall customer experience
(KPMG, 2016). It seems tha&hallengerbanks are doing a good job in terms of customer
acquisition because of the great user interface they are offering and the focus on customer
experience, howeveilradtional banks have been much more experienced and good at it
becausdiof the stickiness of the direct deposit checking account relatiansigrding to

Luvleen Sidhu (2018)Traditionalbanks have made ltard for customer to switch from one

bank to the otherbanks try to attract customer as early as possible and they use long term
products such as mortgages or loans to lock customers as long as possible (Djelassi, 2017).
Challengebanks will have tonaintain their customer acquisition cost (CAC) as low as possible
andfimanage their profitability/growth dilemma until their business model becomes the new
standard of doing bankingaccording to Djelasqi2017). Traditionalbanks haveestablished
technologies that are in the best cpadly integrated after successive mergers that have left
banks like this (Kumar, 2016Besides that, thelyave established processkesing thestructure

and pace of transacti ons tfasteasaisiomdrs veoeldllikeatn d a |

to be, they are predictabded familiar, since the blrbehavior is rarely surprising, according



to Galarza (2017), founder and CEO at EntryleShallengebanks take the advantage of their
flexibility and agility due ¢ freedom from legacy burdets offer a new service or product that

mat ches with consumer s OFinfeehtatupsthave sleaf ancdagie! a n e
movement in the financial sector, startwgh their cultureandinnovative business models

that are based on advanced technology such as Blockchain and cloud infrastructure that helps
enhance customer experience and reduces ¢Ghishti and Barberis, 2016) or authentication
technologies that avoid the customer gadiog branch (Burnmark, 2017)raditional banks

are feeling the need to adapt toewworld. Investments in innovation programs and R&D of

new processes and technologies are happddowever,R&D is fundamentally different from
innovationand £w banksprovide more than sporadic disclosures regarding innovatidn a

mostly of the disclosures agealitative (Larsen2017).

Challengebanks had the #Afirst movero advantage,
cases becausé&raditional banks are viewed positively by customers regarding trust. In

Bur nmar k ChallengeBramtk Gbfattl efi el do, 2017) it was
of FinTech Startups providers have trust in them compared with the 26.6Vbafditional

financial irstitutions. FurthermoreTraditional financial institutions have an advantage over

FinTech Startups regarding fraud protection, quality of service and transparency, according to

the same reporAlso, Traditionalbanks have a strong market position in teohsecurity, trust

and antimony-laundering aspect&gkanova and/asilieva 2016)] n Accent ur eds 20
America Digital Banking SurveyJraditional banks were trustetly 86% of customers to

manage securely personal data compared with other institutions, which means that banks can
and should use this as an advantage when it comes to custombBlegtatéhelessransparency

is not completely supported by other studisbaing one advantage bfaditionalbanks over
Challengebanks A market investigatioabout retail banking in UKy CMAZ8in 2015 revealed

that although banks advertise personal current accounts as free, those generate revenues of £8
billion per year, with customers pay in foreign transaction charges, overdraft charges and
foregone interestChallengerbanksclaim to have a different approach regarding fees, being
transparency the main driver of their busindésreover,Challengebanks have been able t

achieve cost optimization by using cesdtective methodsin a world of widespread internet

access, most services are free and users have low willingness to pay for those. This will translate

" Entryless is a bilautomation and payment platform
8 Competition & Markets Authority



into a period in which the initial margin will be low iokexistent but over time it increasevith

different souces of revenue beirgaptured (Chuen and Teo, 2015).

2.3.Customer Value

fiBanking is about attracting customers and making them feel good about their relationship with
the bank so that they become tousers for lif@® , said Jay Sidhu, chai

Customers Bank

In the banking industry the relationships between the institutions and the custofoeuseel
onthelongt er m in order to benefit from 983t omer ¢
Furthermore, keeping a customer in a continued relationship with the bank can be up to ten
times cheaper than attracting a new customer (Heskett et al., M&8Qg creation and

delivering to the customés very importantn thebankingindustryand the agents in this space

(banks) should be providers of valldany changeshave been happening the last yeargm

these industry, beingtlieu st o mer s 6 b edtliasonemfrthe maindond&argerec t

et al., 1999).

The literature on financial servicepecifieghatone of the main fundamental points thahks

should be focused ors customer perceived vald®larple and Zimmerman, 199%First i t 6 s
important to know what isustomer valughow customers form their valuatioasd how should

be measuredAccording to Payne etal. (1999  manyan ks wuse the term Acu
refer to the value that the custoneeeatedor them and not the value that they can deliver to

their custoners.However, there is a consensus regarding seeing value as a customer perception
and cannot be determined by the provider of the service, being a subjective evaluation, i.e., for
different customers, théimensionsof perceived value rght be differentially wighted

(Woodruff, 1997)Furthermore, value perceived by customers is not static, is a dynamic process

that changes over time (Hansen et al., 2013; Parasuraman and Grewal, 2000).

There is one conceptualization @istomer perceived valpaccording to &nchezFernandez

et al. (2006) thatlefinescustomer value as a multidimensional constiuat has more than one
dimensionbeing this approacthe most appropriate for dasner value in banking indugtr
since here are different elements that can potd#ytiseasureit: quantitative (price, cost
reduction, speed, time saved) or qualitagl@mentgnewness, customization, design, customer

experience, user experience, brand/status, convenience).



Sheth et ak. (1991) identified five type$ customer needdunctional value, social value,
emotional value, epistemvalue and conditional valu&weeney & Soutar (2001) included
factors tathe functional value dimensioprice or valuegfor-money, adaptabiy and quality of

the product)and claimed that neitheconditional value nor epistemic value should be
considered for the customer value constrlaciuierdo et al. (2006) classified the dimensions

of customer value in three categories: functional value, affective value which includes both
social and emotionatalue and saving valudurthermoreRoig et al (2009, adapting the
GLOVAL?® scale,found thatcustomer vale in the banking industry hasx dimensions:
functional value divided in four dimensions regarding the installations of the haak,
personnelthe service quality andhe price, plus other two dimensionspcial value and

emotional value, represented by a total cit2ghs

In general, the authors who treat customer value as multidioreal construct agree that two
main dimensionsan bedifferentiated: a functional and an affective dimensitime first one
assumes that individuals make rational and economic valuations (Roig et al.w2@leéghe
second onecontemplatesthat fithere are nomeasoned reactions that are formed in the

custone r 6 s s u baandisgdo Sanchezt al. O06).

To measurecustomer valu¢here areseveral methods availabl€éhe most known and simple

way to measure would be using the Net Promoter Score (NPS) created by Fred Reichheld
(2006) based on the perspective that customers of a company can be divided into three
categories (promoters, passives and detracémd)he diferene between the percentage of

the two extremegroups represent the NPBaditionalbanks have open the market enter of
Challenges through persistently presenting low customer satisfaction, having the largest UK
banks an average NPS &4 (Bernoff, 11). Although NPS has great benefits with its
simplicity and ease of data collectiandoes noggenerate the scientifdata to identifywhich

factorsinfluence most customer value,ie.ther eés a | ack of ability

drivers behindhose methods (Klaus, 2013nother methodnore focused on measure the
service quality is SERQUAL or its commerci
bet ween custioomesr sabn de xcpuescttoamter s6 perceptions
1988)However, SERQUALGs di meapise the custonzer egperterce |
completely(Sureshchangar et al., 2002 need to neasure customer experience (CX) before

and after the service encounternsideringooth direct and indirect contacts and soeial

9 A scale that measures the overall perceived value of a purchase
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context or peer influencg8erry et al., 2002; Payne et al. 200&)sulted in the creation of
EXQ - a measure of custeer experience qualityeveloped by Klasiand Maklan (2011EXQ
represents &9-items with fourd i me n scal@amdbésides explaining customeuenence,

also predicts consumbehavior better than other methods such as customer satisfaction or NPS
(Klausand Maklan, 2013)r'he service experience construct and measure (EXQAZendix

2.

Customer experience is | inkeda-mindoe.gi qudtoemert i ons
satisfaction, loyalty or likelihood of a customer giving a recommena)adr actual behavior

(e. g. actively recommending the companyods
repurchase it or wordf-mouth behavior)The banking experience of the client is the sum of

all interactions that the customer perceives along the entire customer journey when interacting
with its bank (Gautam, 2011).n t he Di gi t al Banking Reportos
survey (2017) 9% of banks said that CX is a priority, and approximately toxegrters expect

to increase their investment in CX this year. However, only 37% of organizations have a formal
CXpl an and the CX06s objectives atnefitsosschasf i nan
more sales atna icmprowattthegshare of wall eto

(25%), and not in customer benefits.

EXQ measurecustomed sxperience quality through four dimensioRgace of mind (PEA),
Momentsof-truth (MOM), Outcome focus (OUT) and Product experience (PE), which capture
mostly the functional valuehaving also emotional elementslatzler (2006) argues that
companies shoul d consi der price satisfacti
satisfaction andhowael that five dimensionisfluence itbeing two of them Price Transparency

and Price fairness herefore, wo other constructs to measure customer value regarding the
functional value dimension were considered for this dissertaiace Transparency (Stoam

2004) and Price offer Fairness (Herrmann, 208%rmer (2004analyzed the effect of a cest
baselpricepr esent ati on in customersd satisfaction
WTP, |oyalty and purchase intBans, in a motor insurance conteXhe results showed that

an additional cost presentation significantlj ses customer soé6 satisfac
consequencen their purchasalecisionsand their willingness to recommend the offer
purchasedT he constructSatisfaction with perceived price transparensgd in the studwas

adaptedor the present dissertati@md will bereferredasPrice Transparencylerrman (2007)

O willingness to Pay
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studied how price fairness influences customer satisfaction and has demonstrated empirically
that this construct has a direct effect on satisfaction judgemenenamdirect effect through

price procedure fairness, in the context of automobile purchBsesonstruct of Price Fairness

will be considered as a construct for this study.

Besides the functional value as a dimension for customer value, affective value will also be
considered as an important dimension of customer vahe affective dimensiors divided

into two subdimensions: emotional and socidkduierdo et al., 2006)The emotional
dimension is related with feelings or internal emotigaeerated by the experienedile the
social dimension is related with the social impact of usipgpduct or serviceanchez et al.,
2006) Emotions play an important and critical rolecunstomer behavior (Klaus, 2015¢ing
crucial to include an emotional value dimensiearthermore, an individual experience with a
company can be also dependentluiisocial experience of a group or wider social coritext
(Gentile et al., 2007)Social bendits that the customer receives from establish a relationship
with the bank are of great importance for customers (Peterson, 188%)tional and Soei
value dimensions of customer value are adapted Roiget al. (2006) and Ivanauskiene et al.
(2012).

2.4.Consumer Behavior

Besides the study of customer value, it és i
consumer behavior outcomes beinghBvioral Loyalty Intentions (Zeithmal et al., 1996;
Parasuraman et al., 2005) and WofeMouth (WoM) Behavior (Brown et al., 2005) identified

as the most important outcomes of service quality in the literature (Andersin 1©994;

Verhoef et al., 2003Dagger et al., 2007 This dissertation uses several methods to measure
customer valug@ d i meandsta esptaim consuner®d b e buahvagCostomer value will

measure the cause (customer value with all of its dimensions) in relation to the effects or

outcomes such as WoM BehaviodaBelavioral Loyalty IntentionsKigure 1).

Concrete attributes, Abstract attributes, Consequences
represented by i.e., dimensions of (Customer behavior)
Customer value items Customer value WoM and Loyalty

Figure 1 - Explaining customer behavior (adapted from Klaus, 2015)

Satisfied customers are the bankaohsbabketlsrey sal e

will give referrals to other peopl®loreover, new customers who come to the bank through
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referral are usually more loyal than those that come for other reasons (Goodwin and Gremler,
1996). McDougall and Levesque (200Qroves theeffect of the value expected by the
customers on theiloyalty intentions, i.e., customers become loyal to the bank because they

expect to receive value in exchange.

2.5.Research Hypotheses

According to the twetudies othis dissertation, the research hypotlseme divided. The first
study about comparing the customer value and its dimensions between the two types of banks,
has the following research hypothesis:

2.5.1. Which is the type of bank that provides more value to its customers?

In this part of the first study, a scale of customer value with its factors is build, tested and
validated, in order to have a measurement model that allows the comparison of the overall score
of customer value between the two types of batkellengerbanks andTraditionalbanks.

Using questionnairas the method of primary data collectaord Confirmatory Factor Analysis

to estimate the faor scores from the answers of the custonfrens both type of banks and
combine those factors to estimate the oNemastomer score and conduct further analysis

(second studyAf t er reviewing the |literature, itds
H1: Overall customer value is scored higher@trallengetbanks than fofl raditionalbanks.
2.5.2. Which dimensions are scorednhigher and lower for each type of bank?

In this part of the first study, using the results from the questionnaire, the factor scores are
compared for both type of banks in order to understand where each type of bank has higher and
lower values. This is dee using the factor scores estimated with CR&er reviewing the

l iteratur e, itds hypothesized:

H2: The factordPeace of mind, Moments-truth, Outcane focusPrice offer fairness, Price

transparency, Social Valae scored higher f@@hallengeibanks tharaditionalbanks.

H3: The factors Product experienaad Emotional Value are scores higher Toaditional

banks tharChallengebanks.

The second study about the effect of customer value on consumer behavior outcomes from
literature (WOM and.OY), has the following research hypothesis:
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2.5.3. Which dimensions of customer value have greater effect on WOM and
LOY for each type of bank?

In the second study, using the estimated factor scores of customer value factors and doing
further estimation of WOMnd LOT factor scores, the Structural Equation Modelling (SEM)

is applied to get the effects that each factor of customer value has on those consumer behavior
outcomes from literature. This will enable the comparison between both effects in order to
conclue which factor of customer value predicts better consumer belmaommes.Figure

2 illustratesthe second study.

Factors of customer value

a) Word -of-Mouth
a) EXQ (includes four factors)
b) Price offer fairness /
c) Price transparency
d) Social value \

e) Emotional value b)

Behavior Loyalty Intentions

Figure 27 Second study SEM conceptualizatiaith a) representing thisolated effects that each factor has on
WOM andb), the isolated effects that each factor has on LOY.

After reviewing the |iterature, 1tb6s hypothe

H4: Customer value has a positive effect on WOM and |L®¥ing a good predictor of

consumer behavior outcomes.

H5: The factors of customer value have positive effects on WOM and LOY, being also, in part,

predictors of consumer behavior outcomes.
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3. METHODOLOGY

3.1.Methodology synthesis

In order to answer the research questitresmethod of primary data collection selected avas
questionnaire.From a review ofacademic articles and practice literature,4@&item
guestionnaire was gerated, witha total of tenfactors Figure 3summarizes the references

used for each dimension.

Dimensions References

Peace of mind, Moments-truth, Outcome focus Klaus and Maklan (2011)

and Product experience

Price offerfairness Herrmann (2007)

Price transparency Stormer (200%

Social value and Emotional value Roig et al. (2006) and Ivanauskiene et al. (2012)
Word-of-mouth Brown et al. (2005)

Behavior Loyalty Intentions Zeithmal et al. (1996and Parasuraman et €2005)

Figure 3 - Selected Articles of Previous Studies for this dissertations

For the first study, austomer value scaig built after thepilot-test and validatiophases, with

34-items and eight factor®?eace of mind, Moments-truth, Outcome focus and Rhact
experiencePrice offer fairness, Price transparency, Social VaheeEmotional ValueCFA is

used to estimate the factor scores and estimate the overall customer value score. The second
study alout the effect of customer value and its factors on consumer behavior outcomes was

performed using SEM as the main method.
3.2.Survey sampling
The questionnaire was carried out in May andeJah2018and a total of 365ndividuals

responded to the online suryeslidly surveying201customer®f banks located in UK.

With acompletion rateof 100% there ar&63 validsurveys For this resear@purposs, not
only thesurveyswith a completion rate of 100%ereconsideredbut also the onesith lower
completion rates that can contribute flog analysisFigure 4presentsvhat is the missing data

in each goup of surveys according to thempletion rate.
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Completion Rate # Surveys  Description of missing data

100% 163 No missing Data.

Replied to section 1, section 2 and section 3 of the survey, however, ¢
3 is not compl et e. Qahdlléngebanksdgos Q4rag
68%- 46% 21 Q5, having only completed the part abduditionalbanks and being clier
of both type of banks. Moreover, section 4 with demographic data is

missing.This part of sample can be used for first and second studies.

Replied to section 1, section 2 and regarding section 3 they only raptié:

Q4. Q5 that captures the Consumer Behavior part is missing. Mort
37%1 36% 17 ) ) _ ) _ )

section 4 with demographic data is also missiis part of sample can on

be used for the first study.

164 surveys were deleted because of one of the following reasonbamé
clients are excluded (7 respondents were in this situation), completion
below 36%, the respondent is neither living in UK or from UK (has to |

< 36% or errors 164 one of this situations), sueys with mistakes in the answers (e.g. becau:
not understanding the question, an individual responded to the p
Traditional bank thinking about the experience that had with both tyg
banks simultaneously, which should be considered separated).

Figure 4 - Completion Rates and Missing Data explanation

For the first study, the deletion of missing data resulted in 201 valid responses which includes
three possibilities, as t diescribed inFigure 5. This means that 28% dhe whole sample
represent individuals that are clients of both type of banks. For the second study, there are 177

valid resposes.

Studies Total sample  Traditional bank only Challengerbank only  Both
First study respondents 201 144 8 49
Second studyespondents 177 120 8 49

Figure 5 - Number of respondents for each study divided in three different possibilities: being client both of
Traditionalbanks andChallengetbanks,only of Traditionalbanks or onlyof Challengebanks

Besides having missing data in certain parts of the questionnaire, the sample also has missing
val ues i n some of Inorderto estanate factbesoores, dataanmmpgtatienr s .

must be done and, in order to do so, there cannot exist migaings in the data. The
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guestionnaire had the option Do not know/Not Applicable, which results in missing values. For

this reason, missing values had to be estimated through Expectation Maximization method in
SPSS, which has as assumpttbat the missingalues are completely random which was
assessed with Littleds Mi s gdstnlgodefick @l Latle,el vy a
1988).

There are some reasons behind the choice of selecting UK hitkeas aFinTech adoption

index of 42% which includes FinTech users as a percentage of the digitally@apivation

(EY, 2017), beinghe highest rate among developed markets and the third country after China
(69%) and India (52%)T h e tChallemgei a n k ®originated in UK, existingixty-four
Challengembanks thereccording toMapa Research (January, 2018) #amel vast majority of

them are based in UK due to several factors such as friendly regulatory environment and the
strong entrepreneurial FinTechosgstem. The Financial Conduct Authority and the Prudential
Regulation Authority have approved multiple FinTech Startups for banking licenses, i.e., that

wanted to become fully licensed banks.

3.3.Data collection

For data collectionseveral sampling methods were employed. The survey was published in
Reedit!in several groups which allowed the discussion about the thesis topic with people living

i n UK. Besides that, Facebook groups f peop
immigrant and emigrant groups of people that still had a bank account in UK, FinTech groups,
academic research groups, and other Facebook groups. Furthermore, Twitter was also used to
contact directly followers o€hallengerbanks to increase the numbsrcustomers that are

users of these banks. These followers were cadaoe by one which also allowed discussions

and exchange of knowledge and experiences with banks in UK. However, not only followers
were contacted, but also, people that reachee tbeallengebanks complaining or praising

about them or simply asking questions regarding the app, which allows the sample to have also

customers that experienced customer support from them.

11 Reedit is a social news aggregation, web content rating, and discussion website.
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3.4.Descriptive statistics of Data

Thesample appears to be represemeadf banking customers 1dK (Figure §.

Demographic Data Frequency Valid Percentage
Age

18- 25 38 23,3%
26- 35 54 33,1%
36-45 32 19,6%
46- 55 21 12,9%
56-64 12 7,4%
65+ 6 3, 7%
Gender

Male 75 46,0%
Female 86 52,8%
Prefer not to say 2 1,2%
Highest level of education

No schooling completed 2 1,2%
High school graduater diploma or equivalence 15 9,2%
Some college credit, no degree 10 6,1%
Trade/technical/vocational training 12 7,4%
Associate degree 4 2,5%
Bachel ords degree 58 35,6%
Masterds degree 38 23,3%
Professional degree 10 6,1%
Doctorate degree 12 7,4%
Other 2 1,2%
Employment Status

Employed for wages 69 42,3%
Self-employed 34 20,9%
Unemployed 5 3,1%
A homemaker 2 1,2%
A student 33 20,2%
Retired 12 7,4%
Unable to work 2 1,2%
Working student 6 3,7%
Total valid 163 100,0%
Missing 46

Total 209

Figure 6- Descriptive StatisticsDemographic Dataf respondents
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Otherdata such as thEraditionaland Challengebanks used by the respondents anchtiw

long the respondents were clients of those banks is repordgrbandix 4

3.5.Scale development and validation

The Stage 1 included searching for already validated methodologiesmigatsure customer
value andts dimensionsr factorsand theStage 2involved the beginning of the validation

processThe following stages are describedHgure 7andafterwards in moreetail.

Stage 1 Select the most| Stage 2 Face validity Stage 3 Pilot test in Stage 4
appropriatenethods that|| which included talking terms of reliability Reliability and
make sense in Banking| with experts in areas|| regarding each factaf validity
industry to build an of interest for this customer value anfthal assessment of
initial survev analvsis version of survev measurements
Several factors were - Opinions of contacted - Survey was initially - Reliability test with
taken into consideration: experts in FinTech tested and validated ithe final dataset
- Insights from literature ~ area, for example, the terms of reliability - Confirmatory
review were used CEO and Research wi t h  Cr o n bFactor Analysis
- Methods that were Director of a Startup in  Alpha (CFA)
already applied and UK that does research - Factors with a - Computation of
validated with retail about FinTech,were  Cr onb ac h 6 sFactor Loadings and
banking customers are  takeninto account higher than 0.70 are test for convergent
more reliable regarding survey consider to have an validity
- The more applicable ari questions naccept abl-Testfortau
the survey questionsto - Reviews of survey consistency in most equivalence: chi
the banking industry the with experts in social science researgquare difference
better customer value and and those were kept between tw models
customer experience - Constructors with  with different and
measurement less than 0.70 were equal weighting
excluded from the
survey

Figure 71 Scale development

Stage 3Pilot-tesing and final version of survey

The stage 3included a preest that was carried out with a group consistingweaity bank
customers, and the results permitted to consider the questionnaire defidddoeding to
Cr o n b ac h érieriod thepréliability assessment of each dimension rarged 0.70 to
0.88 excluding the dimensions of EXQ which presented a CA of 0.46, on average, which will
be ignored since EX®Qcale has beerliableand validated in multiple contexts, indiag in

retail banking industry (Figure 8).
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Scale, dmensionsor factors Cronbachos

Peace of mind, Momentsf-truth, Outcome focus and Product experience 0.46
Price offer fairness 0.78
Price transparency 0.88
Social value 0.70
Emotional value 0.87
Word-of-mouth 0.83
Behavior Loyalty Intentions 0.88

Figure 8 - Internal Consistencgf measurements with datasetRilot-testing

All the scales measuring thactors/dimensionsave beervalidated in previous studies and
were adapted to ensuapplicability in the context déanking After stage 3with the pilottest

in order to measure customer valgéitemsand 8 dimensions remainathmely:

(1) Peace of mind(PEA). This factordes cr i bes the customer 6s
interactions with the bank beforeyrthg and aftedealing with it, being about building
a relationship with the bank. It includes emotional aspects of the service regarding the
benefits experienced based on the perceived expertise of the bank and direction given
during the process, which should basy ath increases confidence

(2) Momentsof-truth (MOM). Thisfactoris based on literatugboutservice recovery ah
flexibility . Describes the influence of the bank behavior on a current or future decision
in case of a mishap, incorporating aspects such apénsemnal skills and perception of
risk in case a situation hapen

(3) Outcome focugOUT). This factoris abouthaving a bank that reduces the transaction
cost faced by the customers (seeking out and qualifying new providers) and that
provides goabriented experiences to their customevkich areseen as a strong basis
for the custometo build ahabit of using hat bank despite the awareness of other
offerings and the competitiveness of tank.

(4) Product experiencPRO). This factor representschoice dynamicgMcAlister and
Srivastava, 1991) i . e., the customersd percedopti on
comparison of offerings within the same bank

(5) Price offer fairness(POF). This factorwas developed by Herrmann (200#%)the
context of automobile purchases.répresents a perception of the customer on the

equality of treatment across customers, the degreeudkamergperceivethat a cost
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based pricing strategy performed by the bank andh e cust omer sé per cc¢
relationship between their needs and the price.
(6) Price transparency(PTR). This fador was developetby Stérmer (2014) in motor
insurance context and was designated tles satisfaction with perceived price
transparenc. t was adapt ed t ocomposel byougtentsont ext a
(7) Social valug(SOV) Thisfactorwas developetly Roig et al. (2006) and Ivanauskiene
et al (2012). It is related with the social impact of the service purchase made by the
customer and includeie social benefits resulting from establishing a relationship with
the bank. Fivétems wereselectedo represent social value
(8) Emotional Value (EMV). This dimension was developed by Roig et al. (2006) and
Ivanauskiene et al (2012). Emotional Value cossétthe feelings such as positive
atmosphere, relaxation, trust, confidence and happiness, generated by the experience
with the bank.

Furthermore, it was included in tigeiestionnairéwo dimensions of ConsumeieBavior with

a total of 12 items, namely:

(1) Word-of-mouth BehaviofWOM). The scale used for thiactoris the one developed by
Brown et al. (2005) thatonsiders WoM as an informal communication between two
people a communicator that is perceived as noncommercial and a receiver, about a
target object (e.g. bankédés brand, product
medium.

(2) Behavior Loyalty Intentionf.OY). The scaleused for this factois the one developed
by Zeithaml et al. (1996) and Parasuraman et al. (2005)néeads to represerhe
factorloyalty that the customers have with thieemk.All the items of Behavior Loyalty

Intentions were considered

The questionnaire structurerepresented idppendix 5 and its questions in AppendixTée
guestionnaire is ikEnglish.The third sectiomf the questionnairis intended to define how the
respondents qualify the selected customer value dimensions, basedpmina Likert type

response scale being the most negative description presented in the left side and the most
positive i n TtStoaglyDisggrhd e &iiStdae ofh@1l y Agreeodo), hav
know/Not Applicable option in the extreme right side. The sdgeal Likert scale is used
questionnairavide and ensures constancy in data collection and evaluation. The last and fourth

section enabled texplore demographic characteristics of the respondents.
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Stage4: Reliability and validity assessment of measurements

Thefirstst ep t o do scale refinement i s tAlpra compu
(Churchill, 1979)The reliability test wih Was performed a second time with the final dataset

for all factors of customer valuand thevalues ranged from.81to 095, excluding Price offer
fairnesswith a lower value of 0,57sexpressedn Figure9. The reliability of the instrument
contributes tatsvalidity. Ac cor di ng t o Nualueabbve §.80sndicateshigre r i o n
reliability and the minimum satisfactoryvaluelis 70 1t 06 s c onsinthisgcased fac
the itemsabove 0.8(art d the questionnaire will most likely be measuring what is proposed

to measure.

Scales, dimensions or factors Cronbachod

Peace of mind, Moment-truth, Outcome focus and Prodt 0.81

experience

Price offer fairness 0.57
Price transparency 0.89
Social value 081
Emotional value 0.90
Customer Value Scale 092
Word-of-mouth 0.95
Behavior Loyalty Intentions 091

Figure 97 Internal Consistency of measurements with final datase

I n order to have a Cronbachosis@aweightedaveéragel i c at c
by the number of r es pond eAitdrthe reliabflitytbstCFAwas y pe o
performedusingthe AMOS 22.0 program, an added SPSS modulsidi and CFAAIthough

i t 6s ¢ o mndevwelopmentEsploratbryeFactor Analysis (EFA) was nainsidered for

this research bec adsaer thé laténs facpmithquiossibstanive t o
constrains on the Data and assuming thateatisload m all factors. On the contrarGFA is
theorydriven,i.e., tests if the Data fits a hypothesized measurement model being applied when
there is somaformation available about the underlying latent variable structure (i.e., customer

v al u e 0 ®)wkidh rs the dase of this research, having the factors of customer value based
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on literatureThe same happens for the consumer behavior outcomes, WOM and LOY are both

constructs that already exist in literature.

The output of CFA gives a global modiekest, the significance of item loadings and the factor
| oadings themselves, among other indicators.
constraints or model additions via tests for change in model fit. After estimating the CFA, the

nex step is to assess how well the model matches the observed data.

The maximum likelihood estimation method (MLE) was used to perform CFA. Fabrigar,
Wegener, MacCallum and Strahan (1999) argued that MLE is the best choice when data is
relatively normally dstributed because it allows to calculate a wide range of measures of the
goodness of fit of the model and the significatesting of the factor loadings which represent

the independent contribution of eawebnthet em t
observed score and the latent scdreorder to use this method, the normality assumptemh

to be examined for each variable in the proposed model (Hair et al., 2010). The values of the

all variables (items) for univariate skewness and kigtosre acceptably within the criteria for

normality, which is-3 to 3 for skewness andlO to 10 for kurtosis (Klin2006).

3.6.Measurement models

Model1l - First-order 8factor model with 34tems

For the factor construction, i.e., to assign scoresirfdividual responses to each question

(item), itmust be decided betwedre assignment of equal or different weights to each item. In

scale construction this appears to be an open question. Babbie (2007) suggests that there should
be given equalweightet i t ems fAunl ess there are compell ir
because if not , ARequal weighting should be
done a validation of the scale through item analysis to examine the extent to which the
composite factors are related to the individual and respective items included in that factors, i.e.,
providing a test of the independent contribution of each item to the factor, in order to select the

best items for thecale, which islone through CFA.

In order to compare both methods and conclude about which to follow, a new measurement
model was created by adding a constrain to the previous model: factor loadings are fixed to 1,
i.e., assumes equal weight of each item in their respective factor. Thertits in both models

fit are compared through a talifference test, also known asadifference test, a test used to
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compare and evaluate an adequate model and other alternative measunenhst The

di f f er e RRovauesoand the klifereccebfh e degr ees of freedom
di fference Is significant, which means that
loadingsfits the data better than the modelwnhich the factor loadings are fixed to one. With

this results itvas decided that the best option igstimate the respective parameters with CFA

and to prefer the model with different weighti(§chermellekEngel, K., Moosbrugger, H.,

&amp; Miller, H., 2003).

Model2 - Seconebrder model for Customer Value scaléh 8 factors

The factor scores were estimated based on the factor loadings with the data imputation tool in
AMOS 22.0.With this factor scores for each factor, a secorger model has to be created in
order to assess tlowerall customer value scaleang customer value a latent variable and the
factors composite variables of their items that are observed variables. It is clear that the factors
load into a latent variablg-igure 9. The factor loadings from the sampleTofditionalbanks

is more reliable due to the bigger size of the sample.

SOVt Q0

79
PTRt

67

POFt 53

34 Customer_value_t
PROt

99

Customer_value c,

OuTt 1,00

1,00

ONONONONONONE

®

Figure 9: 2nd Oder CFA for seconarder model of customer value scale with 8 factors, for both samples of
Traditional bank (Customer_value t) an@hallengerbanks (Customer_value_clNumbers represent factor

loadings.

In order to make botlustomer value scores comparabteoss twosampleswith different
sizes allowing clear interpretatiorthe scores of the customer value scale were computed
assuming equal weighting of the factdResearch has suggested that this solu@nbe more
reliable in some cases compared with more complex appro&tdnesgsamples with different

sizesandfactor loadingghatare different for eagclrsumming scoreis more effectivéGrice,
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2001).Fur t her mor e, with the reliability anal ysi
indicator assumes equal weight for each factor, the result was 0.92 regarding factors of customer
value, which is an excellent indicator of reliability for this methodhwagjual weighting.

Comrey & Lee (1992) suggests that a simple way to estimate factor scores involves summing

the scores corresponditmall items loading on a factor using simple (0,1) weighting, i.e., if an

item loads on a factor a weight of one showddgiven to it and zero weight if it does not load.

By summing the individualactor scores per responsgbe customer value per individual is
obtainedThen, to assess the overall C usustamerer v al

value is computed,ansidering the size of the samples.

Factor scores estimated by AMOS are a function of the itemsssand their respective weights

and Customer value scale for each individual is a sum of the respectivestanrts.

Modek 3.1 and 3.2 Factor Analysis for WoM and LOY

Estimatingthe extent to whicleachfactor of customer value explains consurehavior and
the customer value itself agpaedictor of consumer behavifor each type of banks part of
the second studyand useSSEM as mainthe method.Factor analysis was also performed
estimate the factor score§ WOM and LOY (Figure 10Q. The samevas done for the sample

of Challengetbanks.

WOmMi2

Figure 107 Word-of-Mouth (WoM) and Loyalty Behavior (LOY) factors anteasurement models
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Model4 and 5i Effect on Consumer Behavior Outcomes: WoM & LOY

In order to assess the effect of overall customer value construcor@umer behavior
outcomes, the structural model expresseBigure 11laims to measure that effect using the

SEM methodology.Moreovet ialkodmportant to study the individual effect of each
customer valued factor and its significance
t hat cust omer leadd inte markietemgoutoomas thatrare relevanit for banks.
These two modsl were applied for each factor which medhere is a totabf sixteen

measurement modelBigure 12).
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4. RESULTS

4.1.Results from the first study

4.1.1. Scale validation

A

With theresults obtaineffom validationi t 6 s possi bl e 34iemscustoneel ude t
value scale has a multidimensional idwder, formed by eigtiactors PEA, MOM, OUT, PRO,

PEA, PTR, SOV and EMVThe scaleeflects internal consistencgemains consistg across

two dfferent samples and surpasses the reliability and validity tests perfolftedvalidating

the customer value scale with a fistler model of the facts and a secordrder model in

which customer valués a construct of those factors i tsiblsto gmalyze the results that this

scale provides with both samples of custa@ifiem two types of banks.

In orderto advance with the first study, the measurenfiesitand seconardermodels have

to be validated with CFAwvith the cata from the sample Giraditionalbank users (N201). In

SEM, to assess convergent validity, the maximum likelihood loading of each item has to be
significant to its underlying construct (Arnold and Reynolds, 2003). In this research, all factor
loadings for items measuring teame factor were statistically significant, which reflects that

all items successfully measure their corresponding factor (Anderson and Gerbing, 1988)
Moreover, thefactor loadings obtained are higher than 0.4 being thedowalue 0.44 and
higher 0.93 Figure 13. The factor loadings were computed also for the sampBhalflenger

banks users which confirmed, once more, the convergent validity and relevance of the items for

those corresponding factor

The fit of the measurement modeixamined wasssesed with several indices, which is
recommended by Hoyle and Panter (1995). The results revealed a good modekfij&kd
issignificantwithpv al ue = 0, t h ecomsidered adoodlfitdirse, 20pBrmln 3 |1 <
theaccepted level for thRMSEA indicator is less than 0.10, which indicates a good model fit

(Hair etal., 1998, p. 772). NFI and CFhate a recommended threshold 0090 that was
adopted a3 ndi cati ve of good model fit for these

conclde that theneasurement modebf first and secondrder havea good fit.
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Items

Factor Loadings

PEAl
PEA2
PEA3

PEA4

PEAS5

PEAG6

MOM1

MOM2
MOM3

MOM4

MOM5

OouT1

ouT2
OouT3

ouT4

PRO1

PRO2

PRO3

POF1

POF2

POF3

PTR1

PTR2

PTR3

PTR4

SOv1

SOVv2

SOV3

SOv4

SOV5

EMV1
EMV2
EMV3

EMV4

1
T
0.82
0.80
0.73

0.44

0.73
0.68

C

0.81
0.69
0.86

0.79

0.78
0.86

0.73
0.67
0.65

0.75

0.78

0.90
0.79
0.77

0.91

0.91

0.74
0.83
0.74

0.69

0.79
0.83
0.79

0.88

0.63 0.69

0.46 0.73

0.94 0.83

0.94 0.98
0.46 0.54

0.38 0.68

0.84
0.87

0.84
0.69

0.92
0.86

0.67
0.88

0.81
0.70
0.79
0.59

0.56

0.84
1.00
0.73
0.59

0.66

0.81
0.85
0.80

0.81

0.93
0.90
0.88

0.85

Figure 137 Results of CFA for the®lorder 8factor modelwith p-value = 0.00 < 0.05), being T referred to

Traditional banks and C for Challenger banks
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4.1.2. De<riptive statistics of items

The descriptive statisticor each variable or iterare presented in Rige 14 On average,
customers have more confidence and trust in theiditionalbank than in theiChallenger

bank (PEA1 and EMV3). Moreover, customersTa@ditionalbanks strongly agree that their
bank is very safe and reputable whilballengeb a n k s 6 rscagreetwibhrthat but gavie

a lower average score, on average (MOM3). Althohgtaitionalbanks are perceived as more
trustable, safe and reputabléhallengerbanks win in terms of price transparency, having
higher average scores in all iterfrsterns of process eas€hallengeibanks are easier to deal
with (PEA2) and their customers stay with their bank because of past dealings with other banks,
while with Traditionalbank users that is not true, i.e., the convenience retention is positive and
highe for Challengemanks (PEA4)Both type of banks had their customers feeling familiar
with them, having the same average score (PEBBallengerbanks are perceived as being
more flexible and practive in keeping their customers up to date comparedTwatitional

banks (MOM1 and MOM2). Regarding social value, bothditionalbanks andChallenger
banks are perceived by their customer has beingasekidered at a social level, however,
Traditionalbanks have a higher score in this case (SOEhgallengerbanks users agee on
averagethat being customer of @hallengerbank looks good to the people that they know
which is not the case fdiraditionalbank customers (SOV2gxcept for trust, other emotional
valued 1 tems s uc he raaxation arsl ihdappire®avehighen scorpshfer

Challengeb ank 6 wuser s.

Traditional banks Challengerbanks

Std. Std.
Mean Mean

Items (34) Factors of Customer value Deviations Deviations
Peaceof-mind

PEAl I am conf i deeaxpertisen t hi s bb522 152 497 1.85

PEA2 The whole process of banking is easy. 5.08 1.66 575 1.72

PEA3 This bank will look after me for a long time. 466 1.768 462 1.99
| stay with this bank because of my past dealings with ¢

PEA4 3.71 205 497 1.88
banks.
| have dealt with this bank before so getting what | nes

PEA5 503 157 5.03 1.99
really easy.

PEA6 This bank provides an independent advice. 439 1.72 4.47 213
Momentsof-truth
This bank is flexible in dealing with me and lookiafier

MOM1 457 1.69 491 199
my needs.

MOM2 This bank keeps me up to date. 5.16 1.60 528 1.90
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MOMS3
MOM4

MOM5

OouT1
ouT2
OuUT3
OouT4

PRO1

PRO2

PRO3

POF1

POF2

POF3

PTR1

PTR2

PTR3

PTR4

SOV1

SOVv2

SOV3

SOov4

SOV5

This bank is safe and reputable. 5.73
The employees of this bank have good people skills. 5.06
This bank deal(tyvith me correctly when things go (wer 512
wrong.

Outcome focus

Staying with this bank makes the process much easie 5.36

This bank gives me what | need, swiftly. 5.04
| prefer this bank over an alternative provider. 4.83
The people at this bank can relate to my situation. 4.43

Product Experience

I need to choose between different options at this bar
make sure | gethe best offer. 445
| need to receive offers from more banks than just
bank.

| need to compare different options from this bank

4.59
know which one is the best for me.
Price Offer Fairness
Al | customers are treated43l
I think the prices of 1t
3.99
costs.
The price of t he bank ofe
4.43

customerds needs.

Price Transparency

The presentation of this bank price composition
complete and correct. 4.9
The presentation of this bank price composition is ¢
and understandable. 4.8

| have a clear overview about the costs of this k

services.

| know what | have to pay and what | get. 5.33
Social Value

This bank is very well considered at a social level. 4.89

The fact that | am user of this bank looks good to the pe 3.94
that | know.
This bank strives to establish lotgym relationship witt 472

customers

My relatives, friends and/or acquaintancesommend me 431

this bank.

When choosing this banké
4.95

confidence.

Emotional Value
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1.46
1.50

1.54

1.53
1.56
1.68
1.58

1.61

1.99

1.65

1.60

1.52

1.37

1.47

1.59

1.66

1.58

1.59

1.71

1.75

1.96

151

4.74
5.07

51

5.24
5.46
5.17
4.57

4.04

4.19

431

5.65

4.95

4.74

5.5

5.57

5.65

5.94

4.6

4.84

4.72

4.35

5.37

1.80
2.04

2.02

1.89
1.69
1.80
1.86

2.02

2.06

2.08

1.55

1.80

2.00

1.56

1.54

1.54

1.35

1.89

1.86

2.01

2.15

1.70



EMV1 This bank creates a positive atmosphere. 501 152 544 1.70

EMV2 Being client of thishank makes me feel relaxed. 484 156 512 1.81
EMV3 | feel trust and confidence in this bank. 534 151 486 1.71
EMV4 I am happy with the financial services contracted. 501 1.55 548 1.64

Figure 147 Means and standadkviations of items for Traditional banks (N=201) and Challengel
banks (N=57) samples

4.1.3. Estimated factor scores(model 1)

Factor scorewere estimated for eadhctor(Figure B).

Traditional banks Challenger banks
Stardard Stardard

Factors of Customer value Mean Deviations Mean Deviations
Peaceof-mind (PEA) 3.70 0.88 4.72 1.45
Momentsof-truth (MOM) 4.51 1.08 4.96 1.8
Outcome focus (OUT) 4.17 1.05 4.84 1.59
Product Experience (PRO) 4.44 1.46 3.94 1.58
Price Offer Fairness (POF) 1.41 0.49 4.87 1.33
Price Transparency (PTR) 3.62 1.03 4.76 1.14
Social Value (SOV) 2.70 0.78 2.94 1.12
Emotional Value (EMV) 4.44 1.17 4.48 1.35

Figure 157 Means and standard deviations for the factor scores obtained frofidhaet 8factor model

When looking at the mean scores and standard deviations, the average sdugeseuértal
factors range from 2.94 to 4.96 fGhallengerbanks and 1.41 to 4.5brf Traditionalbanks,
beingl the lovest possible valyand 7 the higher and the beBhis results show that the eight
dimensions have a hierarchical order for customer valuebdtbrTraditionalandChallenger
banks the factorMOM, leads the way with a rae score of 4.51 and 4.96 respectivdllge
lowest nean score i®OFfor Traditionalbanks, which is 1.41, a very low value which reflects
t hat customers strongly disagree,, wholenforaver ag
Challengemanks this mean score is much higher, being £8ithermore, SO\s the lower
factor mean scordor Challengerbanks, which is even lower fdrraditional banks which
means that theocial benefits resulting from establishing a relationship with am lare very
low for both. Regarding the other factors part of EXQhudblogy, such aBEA, OUT and
PRQ, Challengetanks present higher scores in ther factors(includingMOM). The PEA

factor is 4.72 forChallengeranks whichis above the medium valuerdfleding a positive
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assessment from customeegarding the relationship stablished with the bank, before, during

and after dealing with the bankor Traditional banks, this result is not a good indicator of
PEA.ThefactorOUT, reflect both mean scores above 4 and higheCfallengebanks About

the factorPRQi t 6 s t he only factor t haltaditipmaleaslkesnt s a
(4.44) compared witliChallengeranks (3.94)Traditionalbanks provide a higher feeling of
Ahavi ng andjeshbedauseodthat they are more likely tepicthe offer (McAlister

and Srivastava, 1991compared taChallengerbanks.Moreover,Challengerbanks provide

higher satisfaction regarding perceived price transparéien it comes to EM\both bank

present a similar score aboveekcept regardingust(EMV3) which is higher fofTraditional

banks

4.1.4. Overall customer value scordmodel 2)

The results of factor loadings for the secamdermodel (Figure 9 in methodology section)
demonstrate that out of eight factors, seven factors appear to be very significant for customer
value, among which MOM and PEA appear to be the most important factdraditional

banks. FolChallengeibanks, PEA and OUT seem to be the most imporkéaing customer

value scale eighfictors andknowing thateach me can have a maximum score of seven points,

the besttase scenario would be a maximum score of-&fkypoints Challengerbanks have

the higher overall customer valseore(Figure 16)

Customer Value Traditional Banks ChallengeBanks
CV (sum of scores) 2898 3552
CV (% of maximum value) 51.75% 6343%

Figure 16- Customer value overall score as a sum of individual scores for each factor and as a percentage of

maximumpossible scoref customer value

4.2.Results from the second study
4.2.1. Models validation

The fit of the measurement mod@|, 4 and 5, part of the second stwdysalsoassessednd
the results revealed an acceptabtalel fit.In order to proceed tstudy the effect that customer

value anditsfacteth ave on consumer behavior out comes
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perform factor analysis fottWOM and LOY models isolated from each othekfter the
estimation offactor loadingsit was alsopossible® conclude hat t hereds conver

with all factors loadings being significaamd higher than 0.4@igure 17.

Figure 171 CFAresults of WOM and LOY measurement modelsand 3.2vith numbers representirige factor
loadings (ith p-value = 000< 0.05)for Traditionalbanks (N=177) an@hallengetbanks (N=57) samples

4.2.2. Descriptive statistics of items

Results from the descriptive statistic of WOM and L(Figure 18) showthat on average,
customer®f Challengebanksmention and make sure that other know they make business with

their bank (WOM1 and WOM2), adding the fact that they recommend lthak (WOMA4,

WOM6 and WOM?7).Moreover, they speak positively of their bank to others (WOM5) and
about t he b af(WOM3).donpradibiona ik ugers thecenario is different.

Although, on averagehey speak positively about their bank employee(s) and the bank in
general, adding the factahthey also do recommendatipns t h ey d oneithéermake nt i on
sure that other know that they do business with their bank, compare@hdétlengemanks.
RegardingLOY, Challengerbanks had better scores th@raditional banks in three items

(LOY1, LOY2 and LOY3) and, lower scores in two items (LOY4 &Q'5).
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Traditional banks  Challengerbanks

Items Standard Standard
) Mean o Mean o
(12) Consumer Behavior Outcomes deviations deviations

Word-of-Mouth Behavior (WOM)

WOM1 | mention to others that | do business with this bank. 3.82 1.97 5.01 2.02
WOM2 | make sure that others know that | do business with this t 3.24 2.03 4.81 2,00
WOM3 | speak positively about this bank employee(s) to others. 4.34 1.99 4.84 2.1

WOM4 | recommend this bank to family members. 4.18 2.18 5.34 1.88
WOM5 | speakpositively of this bank to others. 4.59 1.89 5.3 2.03
WOM6 | recommend this bank to acquaintances. 4.05 2.11 5.27 1.95
WOM7 | recommend this bank to close personal friends. 4.2 2.14 5.43 1.86

Behavior Loyalty Intentions (LOY)

LOY1 | say positivethings about this bank to other people. 4.53 1.93 5.41 1.97

LOY2 | recommend this bank to someone who seeks my advice 4.3 2.07 5.37 2.03

LOY3 | encourage friends and relatives to use this bank. 4.14 2.10 541 1.97
| consider this bank to be thest choice to use financie

LOY4 ) 4.43 1.92 4.27 2.08
services.

LOY5 I will use this bank in the next few years. 5.57 1.53 5.45 1.88

Figure 18 - Means andgtandard deviations fatems part of WOM and LOYor Traditionalbanks(N=177) and
Challengetbanks (N=57) samples

4.2.3. Estimated factor scores:WOM and LOY (models 3.1 and 3.2)

Both WOM and LOY are higheifor Challengebanks This results are very positive footh
Challengerand Traditional banks in terms of marketing outcomes beW@®M a powerful
outcome (Brown et al., 2005), where the customers communicate the bank existence among
other things to other receivers. Moreovliec u s t olayalty wiih the bank is highefor
Challengerbanks (5.78)while for Traditional banks is oty 3.57, whch is not positive, on

average (Figure 19).

Traditional banks Challenger banks

Consumer Behavior Outcomes Mean Standard Deviations Mean Standard Deviations

Word-of-Mouth (WOM) 4.18 1.87 4.60 1.64
Behavioral Loyalty Intentions (LOY) 3.57 1.47 5.78 4.43

Figure 19 - Means and standard deviations for the factor scores obtainedHeameasuremennodels3.1 and
3.2for Traditionalbanks (N=177) an@hallengetbanks (N=57) samples
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4.2.4. Effectson consumer behavior outcomeg¢model 4and model §

Theresults of thestructural modet showto whichextent customer valuexplains WOM and
LOY (Figure 2Q. For Traditionalbanks, customer value explains 63% of wofanouth and
69% of loyalty. ForChallengerbanks, customer value explains 80% and 85%, respectively.

This validates the notion that customer value assessment goes beyond the direct (service)

encounter
Word -of-Mouth Loyalty
Customer valuéraditionalbanks 0.63 0.69
Customer valu€hallengebanks 0.80 0.85

Figure 201 Results from SEM ofnodel4 cust omer v al -oféMéush amdfldyatg t on Wor d

Al l of the eight factors have abepavie(Figureve and
21), except for MOM inChallengebanks sample-or Traditionalbanks, MOM, OUT, POF,

SOV and EMV are very good predictorsWbrd-of-mouthand MOM, OUT, POF, SOV and

EMV are very good predictors abyalty. For Challengebanks, all the factors except MOM

are very good predictors of consumer behaviorestigating the influence of each individual

factor on the outcomes, allows to conclubdattPOF has the greatest influence on WOM for

both type of banks, adding alf&ROfor Challengemanks. The factor OUT has the greatest
influence on Loyalty for both, adding also tFector POF for Challengerbanks.l t 6 s al s o
relevant to point out that PTRas not such a great effect on both marketing outcomes for

Traditionalbanks. However, fo€Challengetbanks, that effect is much higher.
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Traditional banks

Challenger banks

Word-of-Mouth  Loyalty Word-of-Mouth Loyalty
Factors (WoMt) (LOYY) (WoMt) (LOYY)
Peaceof-mind (PEA) 0.73*** 0.78*** 0.97*** 0.98***
Momentsof-truth (MOM) 0.97*** 1.01%** -0.24 -0.28*
Outcome focus (OUT) 0.96*** 1.02%** 0.97*** 1.00***
Product Experience (PRO) 0.40*** 0.40%** 0.98*** 0.99***
Price Offer Fairness (POF) 0.99** 0.99** 0.98*** 1.00***
Price Transparency (PTR) 0.45*** 0.47*** 0.88*** 0.98***
Social Value (SOV) 0.97*** 1.01 % 0.99%*** 0.98***
Emotional Value (EMV) 0.97*** 1.01%** 0.96*** 0.99***

Notes: Significant at: *0.05, **0.01 and ***0.001 levels; N = 201 faraditional banks and N = 53 fc

Challengemanks

Figure 211 Results from SEM ofodel 5: customer a | u e 6
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5. CONCLUSION

This study intends t@ompare customer value across two type of bagldeveloping a scale

with the intention of measuring customer value having primary datadustomerdMoreover,

studies the effect that customer value has on consumer behavior outcomes. The results show
that thestudy contributes methodologically to existing tomser valuemeasurement studies,

applied infinancial industry

From the first studyt is possible to conclude th&@hallengeibanks have a stronger customer
value average score comparedtaditionalbanks which is refleted in customer value factors:
average scores fdPeaceof-mind, Moment®f-truth, Outcome focus, Price Offer Faigge
Price Transparency, Social Value and Emotional Vauehigher forChallengerbanksand
Product Experiencés higher forTraditional banks. Nevertheles3raditional banks present
higher average scores in some variables su@xgartise risk perception service recovery
inertia, freedom of choice, crogsoduct comparison and trusflthough Challengerbanks
have a higher score, both banks are still very far from the maximum $te&se conclusions
are aligned with the hypotheses H1, H2 padly H3, except for Emotional Value factor.

For the second studyord-of-mouthand Behavior Loyalty Intentionsvere both higher for
Challengeranks, however, the major difference is in LOY, which allows the acceptance of
H4. Moreover, the results frothe study of the effects of customer value and its factors on this
consumer behavior show that the effect of customer value and its factors is positive and
significant except for MOM irChallengerbanks sample, which means that, those are good
predictors 6 consumer behavior and once more, allows the acceptance of H5. These findings
suggest the importance of those factors on consumer behavior, validating the notion that
customer value perception has a positive and significant impact on important marketing
outcomes. Furthermore, the factéhsce offer fairnessandOutcome focuare highly relevant
because oft$ close link to WOM and LOY for both typé lbanks.

According to Chis Skinner, author of the daily blog thefinanser.com (2017) there are two
extremes. In one side, we haVeaditional Banks centuries of history, a huge customer base
and billions of capital, however, these are stuck in their entrenched/ldgabe other side,
Challengerbanks have a new and clear sheet of paper with no history, in most cases not so

many customers and often zero or limited capital,deballenged to build a legacy.
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This study utilized a convenience sample. Tesults mg have varied if there were more
respondents were also customersCoiallengerbanks. Further evidence regarding external
validation should be provided by using other samples that include more usghall@nger

banks for future researc®therlimitations of this study includes thatt 6 s not easi |l vy
if the customers of banks use their main personal bank as their business accour{ixdsclell

is quite common on UK)onsidering that this study focus on the customer value and excludes
B2B. To minimize this risk, in the questionnaire is asi&bdut their main personal bank. Also,
giving the same weight to each customer not
a limitation so that future research should compare the resuttisned with a model that
assumes different weightingror future research, studying the evolution of customer value and

its factors during time would be relevant since thinking about-teng would be a way to

study if Challengebanks are sustainable they grow. Moreover, performing cluster analysis
using the respondent 6s de mo gaertaip bharacteristics ad t o f
respondents to theirepceived value and its factors would also be relevant for literature
considering that IRTech services are being maneed byyounger and wealthier customers
according to a survefHolland FinTech, 2015)The early adopters tend to be younger, urban,
techsavvy and highemcome individuals and millennials constitute a substantial portion of

FinTech use in mostountries (Lee et al., 2018
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APPENDIX

Appendix 1

Area of activity

Description and Examples

Comparison/

Information portals

Websites with a special vertical search engine that focus on a particular segment or
Customers find different offers for a wanted product and can compare price and offering. The

is usually free of charge for the custontexample:Finanzclef24

Payment

FinTech starups with focus on payment services that try to change how payments are made
life, e.g. payment via barcode readable by the smartphone, or give their business custor
option to accept different payment methdésample: barzahlen

Online
identification

Providers offer a digital verification of customers which is done via a video chat to clearly id
and verify a person. Verification is required by law for different products and services in the fir
industry Example Idnow

Banking Services

Banking services offered biraditionalbanks, e.g. grating of credit and loans or bank accot
Normally, only selected services of the whole banking services portfolio are offefidings
concerning investment, payment and advisory are assigned to separate categories of are
classification Example Bringcashnow

Investment and

asset management

Structured and professional management of different securities (e.g. shradesther assets fc
customers. Especially the use of redtvising is steadily increasing within the area of wealth
asset managemeiiixample Ayondo

Advisory

Financial advisors are service providers who advise customers on financial products ¢

investments, loans and insurandésample Rentablo

Insurance

Offering of classical insurance services, e.g. sale of product insurance policies (e.g. mobile

insurance)Example:Onlineversicherung.de

Intermediaries

Intermediaries occupy the interface between the customer and supplier (i.e. mainly bar
insurance companies). They offer intermediation services for financial products such as

insurarce policies, etcExample Savedo

Data management

FinTech starups take over the data management for customers (B2C or B2B). New opport
in this area will also result from the PSIEXample Simplr

Software solutions

FinTech starups offer softvare solutions with different application fields. Software solutions
be tools for big data analyses, cash register systems incl. payment and accounting tools, digit

tools for papebased documents, efexample Nagoda

Crowd financing

Crowd financing as alternative financing method of projects where many investors together

project. Different crowd financing models can be distinguisEgdmple Companisto

Blockchain,
cryptocurrency,
Bitcoin

FinTech starups that are using or further developing the Blockchain technology in different

of application Example Bitbond

Others

All areas of activities that cannot be allocated to one of the areas above. Examples are butler

and actiorplatforms.

This table representbe several areas of activity, with the description and examples of FinTeetpstantthose

areasEven with a clear mapping of FinTestart-ups,some of thentould be assigned to more than oneaafe
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activity. For this study, only the areas of activity Banking Services and Intermediaries are refauane:
Stuckenborg et akinTech starups: How do business modatea of activity and revenue model relate.

Appendix 2

Froadom of Choice

/ PRODUCT

Comparison nocessity

Account Management

Qmmence

Inorsa

Result Focus

Past Expenence

Common Grounding

K.UTCOME FOCUS
b G

Flaxibility

cus‘rouen\

Risk Parcoption

Intorporsonal Skills

- EXPERIENCE
QUALITY
MOMENTS-OF-TRUTH

Service Recovery

Exportiso
Process Ease
Relationship/Transaction

/PEACE-OF-MiND

Convenience retention

Familianty

N

Independent Advice

This figure re

presents the service experience construct and measure model (EXQ), one of the

models used to develop customer vaoale. Sourceklaus and Maklan (2011)
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Appendix 3

CATEGORY

NEOBANK AND CHALLENGER BANKS

Banking Retail Banking
Private Banking

Banking Service: eMoney

Bank of LambethvVTB
Hampden & Co

Thinkmoney

Banking Service: Lender/Loans City of London Group, PCFG

Banking Service for Freelancer: Coconut (Monizo)

Corporate Banking

Current & Savings Account
Current Account

Digital Bankingand
stockbroking
Digital Banking Services

Ethical Banking

Mobile Banking

Mobile Banking Service
Mortgages

Mortgages and Savings
Mortgages, Loans ari8ridging
Finance

PaymentsTransfers

Prepaid Card for Kids

Savings

Axis Bank UK, Copernicus Bank, FCMB UK
B, Unlon Bank of India (UK) Limited

Metro Bank

Fidor Bank, Lintel Bank, TandenfFinecoBank

Cashplus, Secco Aura, U (Acount by frees)

Triodos

Monzo, N26, Starling Bank, Ummah Finance
DiPocket, Loot, Pockit, Revolut, Soldo

Amicus, The Services Family

Masthaven, Atom Bank, Secure Trust Bank
Together Money

Babb, Curve, FairFXMonese

goHenry, Osper

Charter Savings Bank, Chip, Community Savings Bank Association, Fol

Hampshire Community Bank

Savings & Loans Paragon Bankshawbrook Bank, ZOPA, Burnley Savings and Loans Ltd

Savings & Loans & Investments OneSavings BankVvelands Bank
Savings & SME Banking Bank of Cyprus UK

Cambridge and Countles Bank, Civilised Bank, Countingup, OakNorth,

SME Banking

Redwood Bank
SME Banking Service Tide
SME Banking & Mortgages Aldermore

While label Banking Services  Contis Group

Thistablei s adap ChaltkngéB aomk si i n UKO

of Challengeibanks in UK, composed by 62 banks that are organized by the bank name, strapline, category, year

( Mapa Repa®&searchhultalisanuary

when it was launched, headquarters, description, technology and the stage regarding the banking license. Using
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that list has a base, thisble was created ganized per category and reduced toGhallengerbanks that focus

on customer services.

Appendix 4
Traditional banks distribution (N=201)
Other by efer not
banks; . cay; 1,0% Liody Banking
13,4% Group; 22,4%

Nationwide

Challenger banks distribution (N=57)

Prefer not

tosay Atom Bank
Monzo;

12,2%

Other;
13,5%

N26;4,1%
Monese;
2,

Direct;

Revolut;
39,2%

The first figure shows th&raditionalBanks in a sample of N=20#&spondents and the second

figure, theChallengeBanks in a sample of N6¥ respondents
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Appendix 5

This figure represents the questionnaire structure composed by four sethendefinitions of
Traditionalbank andChallengetbank are presented to clarify and anticipate any confusion wit
terms. Then, withthefirgsect i on it o6s decided i f the re:
of banks in UK) and if the answer is affirmative the respondent is categorized into three d
classifications: user of @raditionalbank, user of &hallengeibank or useof both. This way, the
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